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ABSTRACT  

The adaptive immunity is highly specific and mainly comprised of humoral immunity, mediated 

by antibodies produced by B lymphocytes, and cell-mediated immunity, mediated by T lymphocytes. 

The huge variety of T and B cell receptor (TCR and BCR) repertoire is vital in directly binding to 

various auto-and- external antigens. This repertoire is a critical resource for a clear understanding of 

the immune response and highlights its utility in clinical applications. In recent years, even thousands 

of samples have been captured for studying TCR and BCR repertoire using sequencing platforms, 

very few databases have been constructed to store these sequences. To resolve this issue, we have 

developed a database Pan immune repertoire database (PIRD), located the infrastructure of in China 

National GeneBank (CNGB) to collect and store the annotated TCR and BCR sequencing data, 

including Homo sapiens and other species. Except for the primary data storage, PIRD also provides 

the data visualization function in addition to the interactive online analysis. Additionally, a manually 

curated database of T- and B-cell receptors targeting known antigens (TBAdb) are also deposited in 

PIRD. The database is displayed in both English and Chinese on the PIRD website.   PIRD can be 

accessed at https://db.cngb.org/pird/. 

INTRODUCTION 

The rapid sensing and elimination of pathogens is provided by the innate immune system, whereas the 

adaptive immune system provides a broader and fine-tuned repertoire of recognition for both auto-and 

foreign antigens. This process involves a tight regulation of antigen-presenting cells and T and B 

lymphocytes thereby facilitating highly specific immune effector pathways, immunologic memory, 

and host immune homeostasis regulation. In addition to being highly specific, the adaptive immunity 

also displays the generation of immunologic memory as one of its key features. As already known that 

in the event of first encounter with a pathogen the long-lived memory T and B cells are quickly 

established, and this serves as a protection against the same pathogen (antigen) in the event of second 

encounter where there is a quick activation of memory cells in mounting a robust and specific 

immune response against the pathogen(1).  The TCR and BCR undergo specific clonal expansion or 

antibody affinity improvement in order to generate specific adaptive immune responses.  The majority 

T cells (~95%) are alpha beta T cells () that  and  chains are used to form the cell receptor, while 

the small minority of T cells are gamma delta T cells (). BCRs consist of heavy and light chains. 

During the development of T and B lymphocyte, TCR and BCR are formed by the rearrangement of 

V, D, J gene segments (a range of V, D and J genes segments located at chromosome), simultaneously, 

some nucleotides are deleted randomly at the end of gene segments and some nucleotides are inserted 

during the V-D or D-J junctions (V-J junction for ,  and light chains)(2). Each lymphocyte carries 

out the processing of VDJ rearrangement independently. As a consequence, a highly diverse array of 
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TCR and BCR repertoires are generated for each individual, and this diversity in T and B cell 

repertoire play a crucial role in mounting a specific, robust and sustained response to a foreign 

pathogen. Theoretically, for human beings, it has been predicted that there would be more than 1018 

unique TCRs and more than 1013 unique BCRs (3,4). Therefore, the extreme large number of 

receptors produce the individual’s strong immune system to respond the complicated and various 

cellular and external circumstances.  

In the last decade, with the advance of sequencing platforms, there has been a rapid accumulation of 

high-throughput sequencing of TCR and BCR repertoire data. Specifically, since several influential 

and seminal studies published in 2009(5-7), more and more studies and applications pertinent to this 

area were published in the subsequent years which included (i) investigation of tumor immune 

microenvironment, searching tumor-infiltrating T cells targeting neo-antigens and assisting immune 

therapy(8-12); (ii) detecting minimal residual disease and monitoring of immune reconstitution for 

leukemia and transplant(13,14); (iii) exploring the immune characteristics of specific diseases 

(especially in autoimmune and infectious diseases) and evaluating vaccines(15-19); (iv) identifying 

disease associated clones(20-22), and (v) screening the production of monoclonal antibodies targeting 

specific antigens and HIV neutralizing antibody(23,24). 

It needs to be emphasized that the TCR and BCR sequencing data is a valuable and a very useful 

resource for other investigators to reuse and search for relevant sequences guiding the processes and 

mechanisms in adaptive immunity. In addition, such data are extremely useful in search for receptors 

targeting specific antigens in cancer, neurodegenerative diseases, and viral infections. Therefore, a 

special curated database to collect and store these sequencing data is highly needed. Adaptive Immune 

Receptor Repertoire (AIRR) Community have been preparing a database(25), but it might still require 

considerable time to finish. Recently, the chair of the AIRR Community Executive Felix Breden also 

published a platform iReceptor for querying and analyzing immune repertoire data(26). Here, we 

developed a special and multifunctional database PIRD, which can be used for storing the TCR and 

BCR sequencing data and its corresponding projects, and sample information, in addition to providing 

a robust platform for users to simultaneously analyse and visualize immune repertoire diversity. The 

TCR and BCR sequences are stored with our defined immune repertoire format (IRF). A database of 

disease and antigen associated sequences TBAdb also deposited in PIRD. The PIRD provides a 

valuable opportunity for other investigators to reuse the data more easily and to cross sectionally 

compare against the mined data on TCRs or BCRs. It is envisaged that within the PIRD the data will 

be regularly updated with newly released TCR and BCR datasets, thereby facilitating a clean and 

integrated data mining for an improved understanding of immune repertoires needed in clinical 

applications, future drug and vaccine development. 
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MATERIAL AND METHODS 

Data sources 

To collect or upload the data in PIRD, three datasets are required, that include the project information, 

sample information and annotated TCR or BCR repertoire sequences.  The TCR or BCR repertoire 

can be captured for single chain by multiple PCR(6,27), Rapid Amplification of cDNA Ends 

(5’RACE)(28), unique molecular identifiers (UMI) (29-31) and other methods. Single-cell RNA 

sequencing technology(9) and other developed methods(32-34) can obtain paired chains of receptors, 

such as TCR  and  chains and BCR heavy and light chains. These repertoires are then sequenced by 

high throughput sequencer, such as Illumina(12), BGISEQ-500(35) and 454(36). The sequences can 

be processed by several tools, such as MiXCR(37), MiTCR(38), IMonitor(39), IgBLAST(40) and so 

on, to generate the annotated information. The receptors can be derived from gDNA or RNA sample, 

or from the peripheral blood cells and specific tissues. Generally, the data in the PIRD are stored 

independently using consented research studies that have been previously published or will be 

published in the future. Thus, a detailed information of projects, samples and sequences included in 

the study is recommended for submission into PIRD.  TBAdb, a relatively independent dataset in 

PIRD, contains the antigen and disease-associated TCR and BCR sequences that were derived from 

the previously published literatures which were collected and introduced manually into TBAdb. 

Database implementation 

The implementation of PIRD as a web application and database was performed in Django, a high-

level Python Web framework. The framework of search engine and data flows of PIRD, using 

Elasticsearch (a distributed data and real-time search engine), provide association analysis and real-

time and seamless retrieval for all data into the database. The development of online analysis and 

visualization platform based on the framework of MongoDB. However, all depends on the nodes built 

by MongoDB clusters and Elasticsearch clusters that standardize and integrate data from them. 

 

RESULTS 

Basic datasets in database 

The data shown in PIRD are based on the projects so that the users can find detailed information data 

through the project window or the search section on the website. However, the PIRD mainly includes 

five basic datasets in the underlying database, including project information, sample information, raw 

sequencing data, annotated TCR or BCR repertoires, and TBAdb (Fig. 1). The project information 
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contains the description of the project (project name, sample size, types of receptor, species, related 

published paper and so on) and individuals. One individual’s sequences can be from multiple tissues 

sources(11), multiple timepoints such as vaccine evaluation (30) or longitudinal study for pre-and 

post-treatment(41,42). Thus, in the interest of accuracy, it is imperative to curate relationship between 

individual and multiple samples which is a critical element of the project information displayed in 

PIRD. The sample information includes two types of data. One is the experimental details of samples 

and clinical indexes, such as sequence type, experimental methods, cell origin, locus, sequencing 

platform, gender, age and race etc. The other is the overall statistics of sample from the TCR or BCR 

sequencing repertoires, which include total sequence number, unique Complementarity-determining 

region 3 (CDR3) number, diversity index (Shannon index), detailed top 10 clone frequencies, CDR3 

length distribution, V gene usage, J gene usage and V-J pairings. Most of the statistics provide figures 

to users for direct visualisation. Raw sequencing data are deposited in the Nucleotide Sequence 

Archive (CNSA, https://db.cngb.org/cnsa/ ) that is a new database at the CNGB, storing different kinds 

of raw sequencing data. However, the raw data information is described in the PIRD, and the raw data 

for users visiting the website can be retrieved by clicking on the weblink. The dataset of annotated 

TCR or BCR repertoire is the core of this database. We have defined a special format to store these 

data, called immune repertoire format (IRF). The different CDR and Framework region (FR) 

fragments, VDJ assignment and paired chains (such as alpha and beta) are shown in it. The annotation 

is displayed for each sequence, but all of the sequences from one sample are, as a whole, are meant 

for uploading and analysis. Lastly, there is a special dataset TBAdb deposited in the PIRD. The data 

of TBAdb are the antigens associated TCRs or BCRs which have been reported in previously 

published papers. Up to now, >70,000 sequences associated with 94 different diseases are embodied 

in TRAdb. Additionally, in the PIRD website, we also provide Tools and Document window to 

deposit new softwares related to immune repertoire analysis and some format specifications and user 

manuals which will assist the end users of the PIRD.  

Functions of database  

Overall, PIRD provides five functions, including data storage, data statistics/visualization, interactive 

online analysis/visualization, search, and uploading/downloading of data (Fig. 1). Firstly, like other 

databases, data storage is the primary functional objective of PIRD. With the exception of raw 

sequence data, other basic datasets are directly stored in this database. Secondly, for each sample, the 

total sequence number, CDR3 diversity, unique CDR3 number, CDR3 length distribution, V/J/V-J 

pairing usage etc., are calculated from the annotated TCR or BCR repertoires (Fig. 1). These sample 

statistics reflect the diversity of immune repertoire, which are commonly used in evaluating the 

disease status(42) and compare with different diseases or phenotypes(43). To facilitate users to 

visualize the statistical data, the PIRD provides corresponding figures of statistical evaluation with a 
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single click on the weblink.  As an example, Fig. 2A shows the one sample’s V-J gene pairing and 

CDR3 length distribution. Additionally, we also provide the visual figures for the clinical and other 

data pertinent to the projects. Through these figures, one can directly obtain the overall information of 

samples related to the project, such as the age distribution and CDR3 diversity distribution etc. (Fig. 

2B). The third function of this database is the online interactive analysis, which is the main difference 

that demarcates PIRD from other commonly used databases. We offer a simple and a user-friendly 

platform for all users, including those who lack the background bioinformatics, to compare and 

visualise datasets. Users can upload the data themselves, or just select partial PIRD data to do 

selective analysis and visualization. In this database, we provide four types of search modules, 

including search by project, sample, clone, TBAdb and basic local alignment (BLAST) (Fig. 2C). The 

first three types contain multiple but restricted items for users to choose and search the data of interest. 

The fourth type searching by TRAdb is a special search window dependent on the dataset of TBAdb, 

including antigens associated TCR , TCR  and BCR sequences. The last type is a fuzzy search 

that finds regions of local similarity between sequences using BLAST tool(44,45). This compares 

query to sequences in database and calculates the statistical significance of matches. Using the 

BLAST search, the website goes into an independent interface with five BLAST methods (BLASTN, 

BLAST, BLASTX, TBLASTN, TBLASTX) which can be used for further analysis (Fig. 2C). Lastly, 

the database offers data upload and download function.  For uploading the data, project information, 

sample information (experimental and clinical data) and annotated TCR or BCR repertoire are 

recommended for the data to be included.  

Online analysis platform in the database 

To facilitate users to understand and use the data in PIRD, we have developed the platform of 

interactive online analysis, and some simple analyses such as the comparison of different groups’ 

datasets can performed and the corresponding visual data in form of figures can be obtained as an 

output. Users can upload the data themselves or just select partial data of interest in PIRD, and then a 

datasheet will be created to merge the selected data (Fig. 3A). The analyses include multiple items’ 

comparison of either several samples or multiple groups by dragging the button on the left of the 

website page. We offer a choice of three types of figures to show the results, which include histogram 

plot, line plot and box plot. As an example, in the PIRD, we use the annotated data from a patient 

from breast cancer project to show (Fig. 3B).  We find that the data from this patient display 

inconsistent CDR3 length and TCR V gene usage distributions among tumour, adjacent normal 

tissue and lymph node.  These results imply that the infiltrating T cells in the tumour are significantly 

different from others. To show the function of comparison for multiple groups, we selected data of 

colon cancer project, breast cancer project, healthy people project and systemic lupus erythematosus 

(SLE) project from PIRD (Fig. 3C). From the results of colon cancer data, we can find the diversity of 
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intestinal segment C1 was lower than other segments, and the difference in genetic diversity between 

tumour and the adjacent normal tissues. However, the greatest advantage of analysis platform is to 

compare multiple diseases deposited in the PIRD, which cannot be done in a single study. The 

comparison of TCR repertoire for health, SLE and breast cancer showed that the diversity of SLE was 

lower than others, which might be attributed to the T cells proliferated in response to the autoantigens 

(Fig. 3C, right panel). There was also a significant distinction between TCR  repertoire among tumor, 

adjacent normal tissue, lymph node and peripheral blood mononuclear cell (PBMC) for breast cancer 

patients (Fig. 3C, right panel). 

TBAdb: a manually curated database of T- and B-cell receptors targeting known 

antigens 

Antigen specific TCRs or BCRs are critical resource to understand the adaptive immune system and 

have a significant potential in translational medicine, such as disease assessment, therapy and vaccine 

development. These data can be used in annotating the large-scale of TCR or BCR repertoire by high 

throughput sequencing. To collect previously reported disease and antigens-associated sequences, we 

read hundreds of published literatures and created a knowledge database of the extracted TCR and 

BCR sequences with relevant information. All the relevant information collected for each sequence 

were manually curated and critically and unambiguously checked by two people.  The fields include 

the disease name, antigen, CDR3 sequence, V/J usage, HLA type, experimental method, grade, 

publication details, and so on. Importantly, the grade for each sequence is provided to evaluate the 

quality and reliability of relative antigen, according to the method identifying antigen-specific 

sequences. All fields, including the criterion of grade, are described in detail in the supplementary file 

and in Tools and Docs section in database website. Recently, two database VDJdb(46) and 

McPAS(47) have published and both have collected abundant TCR sequences associated with 

multiple disease. We also considered the sequences in VDJdb and McPAC. All sequences, including 

our collected novel sequences and others, integrated into the same format and stored in the database of 

TBAdb. It contains three parts, including TCR , TCR  and BCR. TBAdb currently includes 

78,202 sequences, encompassing a total of 94 different diseases. We classified these diseases into five 

categories that include- autoimmunity, cancer, pathogen, allergy and other. Each of the first three 

disease categories contains more than 20 diseases (Fig. 4A). In TBAdb, the pathogen category 

accounts for most of the sequences, which reaches to 75.91% of the total sequences (Fig. 4B). We 

also found that most of the sequences in diseases of pathogen category are more reliable with 

grade >4 (Fig. 4C). This could be because the pathogen diseases have been widely researched and the 

TCR or BCR sequences targeting pathogen are relatively easy to identify. The second largest 

proportion of category is the cancer (Fig. 4B), but more than half of sequences are showed with lower 
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grade (Fig. 4C). Although the other category contains 20 diseases, it accounts for only 3.5% of 

sequences and most of them are less reliable (Fig. 4C). 

IRF format instruction 

Although a large number of samples have been sequenced for studying the TCR and BCR repertoire, 

there is no general format to store these data, which results in inconvenience for people using these 

databases, communicate and exchange the dataset. To resolve this issue, we propose a text-based 

format IRF (V1.0, Supplementary file) for immune repertoire sequencing data. In the format, each 

line typically represents the annotated information of unique nucleotide sequence. The annotated 

information includes the alignment records, VDJ assignment, deleted and inserted nucleotides, and 

structure of clone such as the details of CDRs and FRs. If paired two chains, such as TCR  and  or 

heavy and light chains, are sequenced at the same time, the paired sequences can be deposited at the 

adjacent two lines, which can be identified by the same ID. Each line has 27 mandatory fields, which 

include almost all of information used for immune repertoire analysis. These fields always appear in 

the same order and must be present, but their values can be used “na” instead if the corresponding 

information is unavailable. All fields are described in details in supplementary file and in Tools and 

Docs section of PIRD website. The immune repertoire sequencing data can be processed using several 

software, such as MiXCR(37), MiTCR(38), IMonitor(39), IgBLAST(40), Decombinator(48), and 

results from these tools could be easy to transform into IRF format.  

 

DISCUSSION 

Here, we describe the Pan Immune Repertoire Database (PIRD), a unified repository to facilitate 

scalable data mining of immune repertoires in both nucleotide and amino acid forms. It is the lack of 

well-defined and annotated repositories required for the immune repertoire sequence storage 

prompted the creation of PIRD. The PIRD is located at the CNGB, Shenzhen, China, and is a newly 

developing integrative and interactive database. It includes more than 20 biologically diverse disease 

databases, along with the integration of the deposited raw sequencing database CNSA, and so on. 

From the search page of CNGB, the sequences in PIRD can be find out if there are similar with the 

query sequence. Starting from the first version of release in 2016, PIRD has collected more than 1800 

samples with the large-scale of TCR and BCR repertoire sequencing data, including Homo sapiens 

and primate species. This multifunctional database brings several benefits to users. Firstly, the high 

diversity of immune repertoire and few clones overlapping between individuals(49), result in the fact 

that large-scale samples are required to evaluate and validate the reliability of each study. Identifying 

the disease or antigen-specific clones is the main purpose of some studies. If the identified clones can 
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be searched and compared with the various other disease data in PIRD, and if only few samples can 

find these clones in PIRD, it can bring a strong validation for these disease-associated clones and 

possibly disease outcomes. Secondly, the bioinformatic methods for immune repertoire data are still 

in its infancy.  Some clustering methods of TCR sequences targeting the same antigen have been 

reported recently(21,22), and more machine learning methods would be developed in the future due to 

the increase in the volume of the sequencing data. Thus, the project data in PIRD can be reused and 

mined for some in-depth analyses using new methods, and multiple diseases in database can be 

compared simultaneously and seamlessly. Thirdly, the online analysis function of the database offers 

a valuable platform for users to analyze the data of interest with a simple interactive interface. Lastly, 

the integrated database of TBAdb provides a vital resource to annotate the large-scale immune 

repertoire sequencing data. 

The future development of PIRD will further integrate and optimize the platform of online analysis, 

which will provide a more friendly interface for users to operate with more integrative functions and 

web-based tools. We hope PIRD will act as a multifunction database, which is not only meant for data 

storage but also for visualization and analysis platform. On the other hand, we will continue to collect 

more sequencing data to store in PIRD in the future and facilitate the evolution of PIRD into the 

largest integrative and interactive database for immune repertoire studies, that will include the 

previously published and unpublished datasets from highly reputable reliable sources. Additionally, 

we will continue to update the data of TBAdb in real time. Most of sequences in currently TBAdb are 

TCR  sequences, and so in the near future, sequences of BCR associated with various antigens and 

diseases will also be collected and displayed. 

We believe that this database should aid in-depth comparative and cross-sectional analyses 

encompassing different disease and immunologic states to discern difference and the commonalities 

between immune repertoires. Moreover, such comparative studies of immune repertoires using PIRD 

will pave the way in for engineering better biotherapeutics, vaccines and immune therapies. 
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TABLE AND FIGURES LEGENDS 

 

Figure 1. Systematic design of the PIR database. In this database, there are five basic datasets with 

five different functions. Each dataset or function includes one or multiple parts, and most parts 

contain several items. Part of these items are listed on the left, and some on the right side of the 

schema shown above. 
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Figure 2. Examples for visualization and search functions. (A). Visualization of the project 

information. The left panel shows the age distribution of samples in a project, and the right panel 

shows the CDR3 diversity distribution for a project. (B). Visualization of statistics for a given sample. 

The proportion of each V-J gene pairing in a sample is represented in colour (top panel). The length 

distribution of CDR3 amino acid sequence for a sample is displayed in the bottom panel. (C). Partial 

search interface (top panel) and example by local alignment search (bottom panel).  The search by 

project, sample, clone and TBAdb are provided for multiple choices to restrict the range of content. 

The local alignment search uses the tool BLAST to find sequences analogous to the query sequences. 
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Figure 3. Examples of online interactive analysis and visualization. (A). flowchart of analysis 

platform. (B). The length distribution of CDR3 amino acid sequence and TCR V gene usage from 

one patient of breast cancer. There were three samples from the patient, including tumor, adjacent 

normal tissue and lymph node. The data were selected from breast cancer project in PIRD.  (C) The 

diversity of CDR3 amino acid sequences among different groups.  The left panel shows the BCR 

diversities of intestinal samples among healthy, adenoma and carcinoma groups from colon cancer 

project in the PIRD. Each healthy individual contains seven intestinal segments (C1, C2, C3, C4, C5, 

C6 and C7). The right panel shows the TCR repertoire’s diversities from health, SLE and breast 

cancer projects in PIRD. The breast cancer project contains four types of samples, including tumor, 

adjacent normal tissue, lymph node and PBMC. The diversity is represented by Shannon index.  All 

results of (B) and (C) are done on the analysis platform in PIRD. 
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Figure 4. overall summary of antigen associated sequences in TBAdb. (A). The number of 

diseases in five disease categories. (B). the proportion of sequences in each disease categories. (C). 

The distribution of sequences number in each disease in TBAdb.  The upper panel shows the 

sequences with the grade more than 4, and the bottom panel shows the sequences with the grade less 

than 4. The grade is a score to evaluate the reliability of sequences associated with the antigen ranging 

from 1 to 9. Other, signifies the disease that could not be classified into the four disease categories. 
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